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a. All requested variables entered.

b. Dependent Variable: Y

Model Summary

Adjusted Std. Error of
Model R R Square [ R Square | the Estimate
1 9752 .951 .938 452761

a. Predictors: (Constant), X3, X2, X1
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Sum of
Model Squares df Mean Square
1 Regression 4374.508 1458.169

Residual 225.492 20.499
Total 4600.000

a. Predictors: (Constant), X3, X2, X1
b. Dependent Variable: Y

Coefficients?

Unstandardized Standardized
Coefficients Coefficients

B Std. Error Beta
(Constant) 79.106 19.782

X1 -4.928 1.611 -.563
X2 1.590E-02 .007 .392
X3 175 .637 .043

a. Dependent Variable: Y
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